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Training Course on Al and Data Analytics for Productivity Enhancement

Session 1: Introduction to Al and Data Analytics

Iae Dr. Chintan Amrit, Associate Professor, Business Analytics Department, University of Amsterdam,

Netherlands
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Session 2: Installation and Configuration of Basic Tools

lae Or. Murphy Choy, CEO, Alionova Education, Singapore
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Session 3: Hands-on Exercises with Introductory Datasets

lae Or. Murphy Choy, CEO, Alionova Education, Singapore
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. m B 8 Show variable labels (f present) S COOKIES/CONES SPECIALTYCO.. 140Z 26355 69 GROCERY Private
Data e [ Visualize numeric values 6 SPICES & EXTR... SPICES & SEAS.. 2507 26426 69 GROCERY Private
mpler  Column: =i e
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Session 4: Case Studies of Al and Data Analytics in Various Sectors

lae Quinn Pham, Director of Solution Consulting, Meiro Pte. Ltd., Singapore
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(Put the right man on the right job)

Session 5: Data Collection Technigues

lag Dr. Chutiporn Anutariya, Associate Professor, Information Management, Department of

Information and Communication Technologies, Asian Institute of Technology, Thailand
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lag Dr. Chutiporn Anutariya, Associate Professor, Information Management, Department of

Information and Communication Technologies, Asian Institute of Technology, Thailand

a & o A a A ' o o . 9 v A ad o
MISUUMITROWI T WIS IWI FULTaIAaa NRIT DN Session 5 I@ﬂaaauvl,@]mmwmﬂmmlﬂmmuLLaz
mIhfsgatoyaiszinn Open Datasets inalwiiFowAaanudhladgUsymwanniu lasaun@lddudouwdu

Data Analyst idasmsdinsnagnilunaiusaainy Jsdainismuniudayafiisitasieria Data Analytics

ludgrauusn grenlduuzinfvaiunsdedayaniouaniszinn Open Datasets Aifianuingafa iiu
ToyaaNWIBIUBBINATE (Government Portal) World Bank %3a Kaggle lasgatayafidasdlufuduazdas

dudayafiisadasiumauinoanis 1 3Uuuunsldae Spending Trends vasguilnaluudazhun Tayan

'
A

WAetaInuIzaue lenIaruiavasniaunia (Socio-economic Data) iayjammﬁ'mwmauﬁngl,midLLa:ﬂwsﬁ'ﬂ

ldsTudu dayaininunwgdnssunsldinu E-Commerce wiagduuuniissBafudvasauluudaziud laofinan
A % A o v o & o A = Y v A A @ [ A

sl,umsl,aaﬂmagawmmlma (1) unsdstoyanudaslanuingaie (2) Toyadaslianuiertasiudmanenia

ﬁmﬂizaaﬁmaam (3) Qmmwmaaﬁagaﬁaagﬂﬁaa LRI ATUTIU LRI NNNUFNE sl,uﬂirﬁﬁél”aaﬂ'lﬁagmflu

ﬂ'cn'cgu”u

o & £ v o ] o o o . 4 g
ARIINUU ;u.laauvl,ml,u:uﬂihl,l,ﬂiu Octoparse Faidulisunsudwnsunisvin Web Scraping Lﬁaﬁwaga

210 Website 1hnanslasaaludd (@1dlnaaban https//www.octoparse.com/) lagaaldsunsuidtad ds m3

panuuuwinaa Interface lmansaidilalaine manzdmiuglinunlals Developers landinsnaitus (
Tas1nalumalganunaisadng) uazinassuwdoiu el ududlulsunsunastuns 4 Template s1wauannfiia
dldnuaunanltlalasliddlsdnn unil faenldafanisld Template Google News Scraper iialdluns
v 1 a A v a ' i a v a v o A o 6 v a4 3 s ' il a

Aunignfiinoitasnugudigiia (Bradagdnwlunaaly) Siusainaawiuasdayaiiioadasnuguiansfia
Frurmnnlu Website nandranin lasdgldnulisududasdnludunt Manual fiaz Website danarinl

Uszngaraiadlauin

wanand lusunsugafinnuauninluvnsyin Web Scraping i Website lihwangtamizfilandainsaum

v Y lé Vo s = = . . dldq’ v Y o q, H o
e Bamansndszgndlidniunmadiouifisusnen Competitor Prices (lufift §aauldiianadiatnanam

Web Scraping lu Website https://www.makro.pro/en/c/search?q=rice Lmuﬁgﬂﬁﬁamnﬁuﬁagafa:ﬁaqLﬂiﬁ
Website #nnisuaziivtayalaonstufinuuy Manual milglusunsa Octoparse azavilwaansaiivdoya

AAN b8 a NG inlwaaszoziiadinnig a@ﬁu“qumﬂmiﬁﬁmlﬁljamuﬂmﬁmﬁm‘f@ga 5ﬂﬂ°\1°ﬁa§aﬁvlﬁaﬂﬂ

IBNBEFURANANEAT Training Course on Al and Data Analytics for Productivity Enhancement savnlas Wnsaud una



https://www.octoparse.com/
https://www.makro.pro/en/c/search?q=rice

v o
WUN 16

Web Scraping aziinisialassafadurzuy aglugduuuvasmnas (geadayauvuiilasiaing) flnuismunm

) a 6 v J
nlAenzhdesaalaazaininndn

Hello, Iconbeam. Glad to see you here!

Start Beginner Checklist v

Finish Basic Walkthrough
Achieve 3-Day Active Streak
5 3 : 2
What's a custom task? What's a task template’ Scrape in Cloud Mode
Schedule a Task

Scrape with a Template

Popular Templates

Xiaohongshu Serape: T

sitter Scrapes Google Maps Scraper
£ Tempiste Bundle £ Tempiate Bundie £ Tempiste Bundl
From Scraping to Automation
SCRAPING +
Gox e TiTok Scraper nke er

& g | [}
CONNECTING +
FOLLOWING +

SENDING MESSAGES

AUTOMATION FOR LINKEDIN |88

/o Indeed Scraper YouTube Scrape:
1 & Tempiate duncle & Template bundie

Amazon Scraper Contact Details Scraper Emal & Sodial Media Scraper
a pe ~ a o
2 Tempiote dundle ﬁ

Cases AQs Vi

FaCs nmg
am Google Local Services Finder #™  Google Job Scraper by Keywor. m Superpages Scraper
o~ s(p3

B [Tutorial] Custom Alerts

sumwniealsunsu Octoparse navarmidalysunsulna

i Templ Il x - g X
ﬁ!
s Octoparse Web Scraping Templates
Browse hundreds of preset scrapers for the most popular websites and get data instantly with zero setup.
google news x Q
<@
Terlates
1 @ Fil R
& - =
oogle News Scraper s Google News Scraper (by URL)

date, and body text tle, publish date, and body text

gﬂmwmﬁvaafﬂmnm Octoparse #aJ9INTTIRNNET1 “Google News” avlunsasaumni

ussnatlu Start wik19e9zUaaINa Template va9 Google News Scraper fiau3aldaulans

ﬂm’ma@ﬂma%ﬁ’ngm Training Course on Al and Data Analytics for Productivity Enhancement savnlas Wnsaud una




Enter mannually

Import from file

walmart
walmart profit

walmart news

Access websites via proxies

Google News Scraper

My Group

New Task Group

v o
W 17

Home Tempilate Gallery Google News Scraper - 0O X
Google News Scraper G5 O @
é Extract news title, publish date, and body text from Google News by keyword,
All ;.I .‘O Free ;J)H’W:T_“ —
nput  Information Related Templates & Related Apps

FUMwnieausas 5131894 Google News Scraper Template lulysunsu Octoparse lagAnwganiud

doymslilusunsuaunianluiaasluzsasnary lagluns aunidminga9a9ny Walmart

FUmMwnsivausasnan1swlusunsu Octoparse iafun Source YWuafdmszyiy Walmart

ﬂm’magﬂma%ﬁngm Training Course on Al and Data Analytics for Productivity Enhancement

Home Template Gallery Google News Scraper X =
S o Y i e i > s O @
é Google News Scraper b
Al i
3 &J Running n v
11 Pause B stop
Data ec
uplic 0 lines nt: SmS4s 6 lines/min
npu
sk Over Data List tlog  Recent Rur
Enter {
#  Keyword Source Title PublishDate NewsURL NewsText error
walmart Walmart TheStreet Walma https//www.thestreet.c. Want TheStreet's best d
walmart o =y i
Ul 4 Walmart KSNB Man 3 hitpsi//wwwiksnblocald...  COLUMBUS, Neb. (KSN
walmart
Walmart KOLO | 8 News Now Wienersct httpsi//www.kolotvcom...  RENO, Nev. (KOLO) - U
6  Walmart Thestreet Walmart makes key mo, https//wwwithestreetc.. A retail giant like Waim
7 Walman 979 KICK FM See 10 Pics of Upgrades...  2025-06 hitpsy//97%kickim.com/i.. If you live in Missouri, y
Walmart WFXG Walmart shoplifter arres..  2025-06-02101 hitps://wvwwig.con ite Error Occur
art Rolling Stane Wallet-Friendly Workou..  2025-06-01T18:35:14Z hitps://www.rollingston...  We want to hear it Sen.
10 Waim. The Arizona Republic of 2025-( 0715:55:482 tps://www.azcentral.c. Soon, when you
Accesal 0 almart he Arizona Republ Imart vall open iconi 5. z http w.azcentral when yo
" Walmart Money Talks News Walmart's New Medicar. 2025-06-01T16:12:112 https://www.moneytalk. Walmart is making it ea.
Walmart Business Insider Leaked Micr 0Z https://www.businessins, At Microsoft's Build dev
Google N
13 Waimart TechRadar Walmart's mega summe 0z
< 1
My Group v New Task Group

o o ¢ a
’\]Vﬂ‘i’l’lI@lfJ WNITAWEY U




v o
WUN 18

Home New Task x

= X

Task Group My Group New Group

URL Source Entel Import from file import from task Batch generate

URL Input hitps://www.makro.profen/c/search?q=rice

Save
sUnmwniealisunsy Octoparse lumsasha Custom Task iWaiSuuiiisumaniguy
Home Makro PRO | Makro PRO X - O X
Makro PRO | Makro PRO c Makro PR

Makro PRC 4]

Auto Login poy @Tsksengs  @swve ([N
—  makro »
= PRO O 0

B Zipcode v Q rice

y =] Pagination
Categories v @ Get PRO Point @ Top Brands I8 Brand Depot

= Loop Item

Click to.

ENJARONG Jasmine Rice 100% 5 kg EOVAL UMBRELLA Jasmine Rice (New) 'OYAL UMBRELLA Fragrant Rice EENJARONG Jasmine Rice 100% 15 kg
1 unit(s) 00% 5 kg '0%:30% 5 kg 1 unit(s)
General
1 units) 1 unitls)
Cookies
X
By clicking you agree ing of cookies on your device to enhance site navigation,
site rts. Cookie Policy Accept All Cookies
Data Preview Total [20] line ata. Previ MOlline.. Previewmoredata  C B2 Enter subpage 3 & & % = Il ¥
Dota Fields No. Title Title URL Image muiboxroot muiboxroot1 cs5jqqxd Image2 +  Actions
BENJARONG Jasmin...  hitps://www.makio.p www.makrop... 1 unit(s) Same Day 5/ /W maKI0.p. 38
ROYAL UMBRELL w.makro.p. https: makro.p. 38
ROYAL UMBRELLA Fr Www.makro.p. makro.p. 30
4 BENJARONG Jasmin. www.makro.p unit 3 8
5 BENJARONG White 3@
& ocaumoane 3 m

FUnmwniamenaianazy Website ithnang iNan13vi Web Scraping lufi li/sunsu Octoparse 9zvinns

:yfﬂnafwﬁaymwya‘%}Tuw‘“ﬁ WlFumunInnag Run unuysuuy1 1Ny Web Scraping

i’lm’lua@ﬂwaﬁﬁngm Training Course on Al and Data Analytics for Productivity Enhancement savnlas Wnsaud una




AN 19

Session 7: Data Preprocessing

lae Or. Murphy Choy, CEO, Alionova Education, Singapore
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Session 8: Data Preprocessing Exercises

lae Or. Murphy Choy, CEO, Alionova Education, Singapore
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Session 9: Data Analysis Technigques

lae Or. Murphy Choy, CEO, Alionova Education, Singapore
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Session 10: Data Analysis Exercises

lae Dr. Murphy Choy, CEO, Alionova Education, Singapore

luﬁulﬁﬂuﬂaqﬁu aﬁa%vlﬂﬁ'lﬁml‘ﬁaLiﬁuﬂ'lﬂ']ivﬁa&liﬂﬁmaﬁﬂ ez Clean TSHQLWNL@]N FIUDIRTHAYT
Ind ruwidsanulu Session 8 LL@iaai\‘iLﬁuvLﬂﬁﬂ’l‘ﬂ“ﬁ Data Analysis Tools lulisunsa Orange Data Mining

Usznaudiy 4 WanTwran bawn (1) Feature Statistics Lﬁammaaumﬁm:mUé’hmad"gmj”aya eI GREGE

o

ﬁyug’m L% Mean, Median, Mode, Min, Max (2) Correlation WNaaTagau NIz antanaunus (Correlation
Coefficient) 3eninggatayameIga (3) k-Means nian1Inazeumnanandadayasanidu Clusters I@ﬂgﬁnﬂ
Silhouette Score 1 A3 wwnoanuud Clusters ﬁﬁqmauﬂ'ﬁmaaﬂj”aga’ln&ﬁmﬁm:ijg@%yahmju Cluster
e (A1B9nnn 598) uaz (4) Test and Score wialdUsefindszansninvasluiaarinune ot Regression,

Random Forest, Neural Network Lwa¥inuiad1uad Dependent Variables (Set Up finaaudsaananaluwansu

'
A

Regression, Random Forest, Neural Network) 1ufith R-Square (R2) tisuanfisdsz@nSawmsvinue (endadnlng
1 2 596) granldliiiangdifouldnanas judeTeiugatoya iesnndanududaug

'
' v o

A L9 a A o v = ) v v a =2 ¥ a a a
bUBIATULINTINNUADUDIIINNG Eﬁa%%\‘iLL%Z%']I‘WHLS&I%VL‘]J‘YW]ﬂa\‘iﬂﬂ‘hﬂLLGZITGW%I‘]J?LLTI?M%SG PNULAN

v
= a o

Wasannldsunsuadinand Feature s1wuunn uazfidsz@ntainlunistinluleyin Data Analysis wanaind €3

'
=

s R ld@nsmanmaiaduinoinuaiauszluiaadugs 15u Random Forest, Neural Network lasianize
UfjuGaulums Data 13tk msdinmiiiemiaandnd analfiamdeutronnn iasnnilemiianududaugs usdnin

Fanudnlaud aztulszlumidanivinawagieunn

IBNBEFURANANEAT Training Course on Al and Data Analytics for Productivity Enhancement savnlas Wnsaud una




v o
WN 28

@ Data Anal Ora
Q Fiter.
Data
p
{
D e | (x
CsvFile waens
File mpen Datasets SOL Table
%2 Feature Statistics - Orange o
olla : )
Name Distribution Mean Mode Median § f
1 H G
Data Table Paint Data Data Info Rank
B  housshold_key 1235.18 1 1218 Cometors
v & % B
- . Festure o (= OTIVE [ (s
tDomain  Color e SveDats \D = @ AUTOMOTIVE(1) 00 00 00 {

. AN\ Qr—
e s CHARITABLE 3
m 5 B conrn 00 o0 00
Data Select 1

Columns.

CHEF SHOPPE (1) 00 00 00 LR,
ﬂ] ==2) @ h 4
Bd g5 K« o
Sclect by 17 e
Merge Data  Concatenate: Unique ‘ CNTRL/STORE } 1
vces soe Lot SUP() 00 00 00 l\m/ { i
see scacunts /) s
LL L] ),
AggrEgtE L oh pormble PP \ N
Columns Domain -
Calor: None v B send Automatically "ﬁ) y
% EE al= 4"' =9 B | Byw i /]
Prentocess___imoute___Continuize__Discrefize .\:],___\
eature e
Rangom Foves
Show basic statistics for data features.
A
=)
[—
m# T /2" 1l
6l o ﬁ & L. ' o o = aad
SUNIWNITIIWINTY Feature Statistics INOATIFFALNITNISDILAIVONYANE TINOIANANBIIU
U U o9
a . e ' a . 2 o .. Z o o
aMm ANGRY AMNUDEYTN AIFTUREN Min Max 3340931%3% Missing Values %LL@IRW?‘@WE]%/Q
Q Fiter
Data
’
0 & B (%
File Cf"";f Datasets  SOL Table s
OB D % . | .
i (G
Pearson correlation v ( nl
Dstalible  PantDats  Datalnfo  Rank k
(ANl combinations) Comeaters.
v =
e f et
EtDoman  Cor g SmeDats ™ ([:]) L] ( f1 -0 GROBAKERY (1) : GRO BAKERY (2)
Data Tl (14 fam 2 1000 VIDEO RENTAL(1) :  VIDEO RENTAL (2)
3 +1.000 TOYS(1) : TOvs(2)
= T4 #1000 HOUSEWARES (1) HOUSEWARES (2) i (
Sampler c:::m EiEE T sl 5 +1.000 HBC() : HEC() “ \ .
mﬁ] £ i@ .Y- 6 0904 VIDEO (1] : VIDEO(2) B
[S=2] e 7 +0000 PHOTO(M) : PHOTO () ey s
Merge Data  Concatenat: - Uni B -
e © owmncec O 8 +0.856 KIOSK-GAS (2) :  QUANTITY - Mean im) ( a
eee ooe St Columes 1
v 9 084 RX(D ¢ AKX E y -
(T 1] $
I gy tnbe Y o 086 GROCERY (1) :  KIOSK-GAS (1) . ,
1 083 SMMFRCH FXD 1)+ _GM MERCH FXP () &) 4
B, [ s Rl
s S S =7 B | Jeo B a01y2)3570 @ Constant features have been removed. @)
orrelations &/
random Foret
Compute all pairwise attribute correlations.
S\
= )

Neursi Metwork.

o & . = e a £ o o & ' %
31/J’I’)Wﬂ’l§°l?fﬂ\7ﬂ%u Correlations LWE?@)YJﬁlﬁailﬂ’)ﬁﬂﬂiﬁ:m’lﬁﬁﬁa’&IW%FﬁWJ’NZimIayﬂ 2 :Zj@

i’lm’lua@ﬂwaﬁé‘ngm Training Course on Al and Data Analytics for Productivity Enhancement savnlas Wnsaud una




v o
wWn 29

@& Data Analysis.ows* - Orange

Q Fites
£ Data
S

O &

,4.\
£

csv e
File mpen SOL Table
g @ m H °
p
allo i
R

v

DstaTable  PantDats  Datainfo fank
F Comeatiers.

T-’ e’ Il.: B W k-Means - Orange X
- | e St oata -
{

P,

Sncind Duta = -
- Feature " ora O Number of Clusters Silhouette Scores . o f tea
tstDoman  Color e naio (D\ (m) 4 (Dﬂ} D} {
statistics . .
/ \ O Fixed: 3f5 2 0235 | U \ .
gl = - e \\§ -
D e 14 Fomualy ) O from = = mrE e irge D 51 oo e (1) 1 [re—
o ] £
| § 4 0231
rocessi L
M B  Jrcas i
s o B Nomalize columns. i (l
S rectRoms  Tanspose ke | 6 0.049 H
s e nitialization 2 (]
[ 7 0029 P armiions
==2) Y \ ntcize with Kieans+ +
Bd g5 K« s pon
Re-runs: 1
9 0050 °
Merge Data  Concatenate L Unique ; N\ o =
Deta Index. Maximum iterations: 300 ) i
eee 08
= ] Apply Automatically | ecmn) et seore
LL L] Y,
) =7 B | Heot Gang2
*’ffmf Groupby  Fivar Table D?:;n \ ¥
o)

# (3 e iy

)

Premeess___imoule___Confinuize__Discrelize.
Means
Rancom Forest
k-Means clustering algorithm wi bas
quality estimation. =
:

Newrs Network

no# T /2 Il
gﬂmwmi’lﬁﬁm’ﬁ k-Means Lﬁ'a*n@zs‘raumﬁi’munw”ayaaamﬁu Clusters lag Silhouette Score

vapandly uwalduvasgmniw Clusters nydididl 2, 3, 4 audy 9 Clusters lagluiii 2 Clusters @viga

imgc
DB R & .
(=
DstaTable  PantOsta  Dataimfo  Rank © Cross validation Model  MSE RMSE MAE MAPE R v \
Number of folds: 20 Linear Regression  12.. 3583... 266.. 0717 0086 St
T4 %’ B 8 statified Random Forest  94.. 3073.. 224.. 0.564 0328
o e Cross validation by featute Neural Network  16... 4064.. 291.. 0.664 -0.176 > 47 i
£5tDomain  Color — SwDin }) ( 0 )i { e
P Outa e 17) Festure Statcs

O Random sampling

Tabe 5
]
Repeat train/test: 10 ¢ t
i X Training set size: 6% - L\
£

&l
s

Data e G ~ O -
¥ v
sompler  Colmns  Iectfows  Warspose 8 stratified >
ﬂ] a O leme one ot Compare models by: Mean square error ~ [ Negligible diff.: Oisrioutions
Ol 3 | o« O s i g ey e .
Select ~ '/ \) ow:
MegeOsta Concaterate S5 (rique © Test on test data Linear Regression 1.000 0004 (@ ) - ( i
e0e o000 Random Forest 0.000 0000 Suect Comns 1) p A
eoo Neural Network 099% 1000 7
sggregate Apply
Coumns ~ COUPLY  ProtTble ool e ) ¢
Table shows probabilities that the score for the model in the row is higher than that of the 4
«E'l.} 4Ilh s p y that nagligible. Uees Reressen /2
S R, = ? B | Hs01)-|oomi- [ s01]3x801 @ statification is ignored for regression .
Testand S
Cross-validation accuracy estimation.
=)
Ners Network

' o

gﬂmwmﬂfﬁoﬁfu Test and Score iWavsziintszansniwluiaariiuie [uis Random Forest @ g

i’lm’lua@ﬂwaﬂﬁ‘ngm Training Course on Al and Data Analytics for Productivity Enhancement savnlas Wnsaud una




AN 30

Session 11: Data Visualization Principles and Tools

Iae Dr. Chintan Amrit, Associate Professor, Business Analytics Department, University of Amsterdam,

Netherlands
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Session 12: Data Visualization Exercises

Iae Dr. Chintan Amrit, Associate Professor, Business Analytics Department, University of Amsterdam,

Netherlands
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Site Visit 1: Al Farm Factory
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Site Visit 2: Cambodia Academy Digital Technology

laer National Productivity Center of Cambodia (NPCC), Cambodia
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Session 13: Implementing Al Solutions & Session 15: Future Trends in Al and Data Analytics

Iae Dr. Chintan Amrit, Associate Professor, Business Analytics Department, University of Amsterdam,

Netherlands w8 Dr. Murphy Choi, CEO, Alionova Education, Singapore
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Session 14: Implementing Al Solutions

Iaer Quinn Pham, Director of Solution Consulting, Meiro Pte. Ltd., Singapore
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Session 16: Group Discussion

lag Dr. Chutiporn Anutariya, Associate Professor, Information Management, Department of

Information and Communication Technologies, Asian Institute of Technology, Thailand
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25-CP-06-GE-TRC-A
Training Course on Al and Data Analytics for Productivity Enhancement
5 - 9 May 2025

Implementing Organizations: Mational Productivity Center of Cambodia (NPCC),
Ministry of Industry, Science, Technology and Innovation

Day 0: Sunday, 4 May 2025

Participants Arrival

Venue: POULO WA Hotel & Apartment

Address: #71-73, Oknha Ket Street (St. 174), Sangkat Phsar Thmey 3, Khan Daun Penh, Phnom Penh,
Cambodia

Tel. No.: +855 23 211 666

Website: www.poulowaihotel.com

Day 1: Monday, 5 May 2025

08:30-09:00 Registration of Participants NPCC

Venue: POULO WAI Hotel & Apartment
09:00-09:30 Opening Session NPCC and APO

Welcome Remarks by NPCC
Opening Remarks by APO
Introduction of Resource Persons and Participants

Group Photo
09:30-09:50 Coffee/Tea break
09:50-10:10 Overview of the project APO

10:10-11:10 Session 1: Introduction to Al and Data Analytics Dr. Chintan Amrit
Senior Associate

This session provides a foundational overview of Al Professor, University of
and its role in transforming data analytics. Participants | Amsterdam, Netherlands
will explore key concepts such as machine learning,
transformers, generative Al, and recent breakthroughs
and industry applications.

11:10-12:10 Session 2: Installation and configuration of basic Dr. Murphy Choy

tools CEQ, Alionova Education,
Singapore

This session covers setting up essential tools for Al
and data analytics. Participants will configure their
environments and learn best practices for a smooth
workflow, preparing for hands-on activities in
subsequent sessions.

12:10-13:40 Lunch Break
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Venue: (TBC)

13:40-15:00 Session 3: Hands-on exercises with introductory Dr. Murphy Choy
datasets
Support by all RPs
This session offers practical experience in working with | Dr. Chintan Amrit
foundational datasets. Participants will apply data Dr. Chutiporn Anutariya
cleaning, manipulation, and visualization techniques Quinn Pham
using and analytics tools. Through guided exercises,
they will gain insights into identifying patterns, trends,
and relationships with data.
15:00-15:20 Coffee/Tea break
16:20-16:30 Session 4: Case studies of Al and Data Analytics in | Quinn Pham
various sectors Director of Solution
Consulting, Meiro Pte. Ltd.
This session explores real-world Al and data analytics
applications across diverse industries, including
finance, healthcare, retail, and marketing. Participants
will analyze case studies to understand how
organizations leverage Al to gain insights, optimize
operations, and drive innovation.
18:30-20:00 Welcome Dinner APO

End of Day 1

Day 2: Tuesday, 6 July 2025

In this session, participants will engage in hands-on
activities to practice collecting data from various
sources. They will explore methods such as manual
data entry, accessing public datasets, and fetching
data, and will learn how to identify reliable data
sources, structure the data for analysis, and overcome
common challenges during data collection. Through
the exercises, they will have experience gathering
datasets that are ready for cleaning and analysis in
subsequent steps.

08:45-09:00 Reqistration of Participants NPCC
09:00-10:20 Session 5: Data Collection Techniques Dr. Chutiporn Anutariya
Associate Professor,

This session provides an overview of effective data Information Management,
collection methods for Al and data analytics projects. Department of Information
Participants will learn about structured and and Communication
unstructured data sources, web scraping, APls, and Technologies, Asian
ethical considerations in data gathering. Practical tips | Institute of Technology,
for ensuring data quality and relevance will also be Thailand
covered.

10:20-10:40 Coffee/Tea Break

10:40-12:00 Session 6: Data Collection Exercises Dr. Chtiporn Anutariya

Support by all RPs
Dr. Chintan Amrit
Dr. Murphy Choy
Quinn Pham
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13:30-15:00

Session 7: Data Preprocessing

In this session, Participants will learn essential
technigues for preparing data for analysis. This
includes handling missing values, outlier detection,
data normalization, and feature engineering to improve
data quality and model performance.

Dr. Murphy Choy

15:00-15:20

Coffee/Tea break

15:20-17:00

Session 8: Data Preprocessing Exercises

This hands-on session provides practical experience in
cleaning and transforming datasets. Participants will
apply preprocessing technigues using tools such as
Python's Pandas library to ensure the data is ready for
advanced analytics.

Dr. Murphy Choy

Support by all RPs

Dr. Chintan Amrit

Dr. Chutiporn Anutariya
Quinn Pham

End of Day 2

Day 3: Wednesday, 7 May 2025

Participants will practice creating impactful
visualizations using Power Bl or Looker Studio tools.

08:45-09:00 Registration of Participants NPCC
09:00-10:00 Session 9: Data Analysis Techniques Dr. Murphy Choy
Participants will explore key methods for analyzing
data, including statistical analysis, pattern
identification, and predictive modeling. Emphasis will
be placed on actionable insights and informed
decision-making.
10:00-10:20 Coffee/Tea Break
10:20-12:00 Session 10: Data Analysis Exercises Dr. Murphy Choy
Through guided exercises, participants will apply data | Support by all RPs
analysis technigues to real datasets. They will learn Dr. Chintan Amrit
how to interpret results, identify correlations, and Dr. Chutiporn Anutariya
generate insights for business applications. 3. Quinn Pham
12:00-13:30 Lunch break NPCC
13:00-15:30 Session 11: Data Visualization Principles and Tools | Dr. Chintan Amrit
This session covers the principles and tools for
visualizing data effectively. Participants will learn to
select appropriate chart types, design meaningful
dashboards, and communicate findings visually.
15:30-15:50 Coffee/Tea Break
15:50-17:00 Session 12: Data Visualization Exercises Quinn Pham

Support by all RPs
Dr. Murphy Choy
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They will focus on translating data insights into easy- Dr. Chutiporn Anutariya
to-understand graphics and dashboards. Quinn Pham
End of Day 3
Day 4: Thursday, 8 May 2025
08:45-09:00 Registration of Participants NPCC
09:00-10:00 Travel for site visit NPCC
10:00-11:00 [Site visit 1] Al Farm Factory NPCC
Al Farm Robotics is leading a technological All RPs
transformation in Phnom Penh, Cambodia. Founded in
2017, the company is dedicated to advancing robotics
and automation, aiming to position Cambodia as a
prominent player in the global robotics industry. With a
mission to make Cambodia a technologically
independent and sovereign nation, Al Farm Robotics
focuses on creating autonomous systems capable of
producing other robots.
11:30-13:30 Lunch NPCC
13:30-14:00 Travel for site visit
14:00-16:00 [Site visit 2] Cambodia Academy Digital Technology NPCC
The Cambodia Academy of Digital Technology (CADT) | All RPs
is a prominent institution dedicated to advancing digital
technology and innovation in Cambodia. Established in
2014, CADT aims to nurture digital talent and drive the
country toward a digital society.
16:00-17:00 Return to hotel
18:30-20:00 Farewell Dinner NPCC
Venue: (TEBC)
End of Day 4
Day 5: Friday, 9 May 2025
08:45-09:00 Registration of Participants
09:00-10:00 Session 13: Al-Driven Decision Making Dr. Murphy Choy
This session explores how Al models and data
analytics inform strategic decisions. Participants will
understand how businesses leverage Al for
forecasting, customer behavior analysis, and
optimization.
10:00-10:20 Coffee/Tea Break
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10:20-11:30 Session 14: Implementing Al Solutions Quinn Pham
In this session, participants will learn the practical steps
for implementing Al solutions in organizational settings.
This includes best practices for deployment,
integration, and scaling Al-driven projects.
11:30-13:00 Lunch break
13:00-14:00 Session 15: Future Trends in Al and Data Analytics | Dr. Chintan Amrit
This session discusses emerging technologies and
innovations shaping Al and data analytics. Participants
will explore trends such as generative Al, ethical Al,
and advancements in automation, preparing them for
future developments in this field.
14:00-14:20 Coffee/Tea Break
14:20-15:00 Session 16: Group Discussion Dr. Chutiporn Anutariya
In this session, participants will engage in a discussion
reflecting on key takeaways from the training course.
They will share insights, discuss possible challenges in
implementing Al solutions, and exchange ideas for
collaboration.
15:00-15:30 Closing Session NPCC and APO
Closing Remarks by NPCC
Program Evaluation
Group Photo
End of the Program

Day 6: Saturday, 6 May, 2025
Participants Departure
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